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Abstract   
 
This paper explores a key issue, i.e. whether academic high-achieving graduates really do earn higher salaries 
compared to their less academically inclined counterparts. There are two recent developments that motivate this 
paper – university students‟ laments on getting paid mere pittances on their first jobs upon graduating and the 
impending introduction of a new computation of academic performance scores (the iCGPA) by the Ministry of 
Higher Education. These two developments point to the important relationship between university academic 
performance (proxied by CGPA scores) and the salaries of the new graduates‟ first proper job. Using a recent unique 
dataset collected from the 2016 and 2017 graduating batch of university students, this paper looks specifically at this 
relationship. The main objective of this paper is to determine if better academic performances in university (i.e. 
higher CGPA scores) really do translate into higher salaries of the graduates‟ first job.  
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1.   INTRODUCTION  
 
The latest batch of freshly minted graduates has spared no pretense in making known to prospective employers, their 
thoughts on what the starting salaries should be. The graduates are asking for what seemed to be unrealistically high 
salaries, at least from the employers‟ perspectives (The Star 2017). In fact, some of them are reportedly demanding 
as high as RM6,500 per month or the equivalent of approximately USD1,500 (NST 2016a; 2016b). To get a better 
perspective of what our Malaysian new graduates are demanding, we provide here a worldwide comparison. More 
than three-quarters of university graduates in Spain expect a USD2,000 starting pay (Alonso-Borrego & Romero-
Medina 2016), new graduates in the UK are demanding a starting salary of about USD1,900 (Jerrim 2011), and 
soon-to-graduate students in science and engineering in US universities are expecting a USD3,200 starting pay 
(Taylor 2007). Though the demanded starting salary does not seem high by international standards, it is relatively 
high for Malaysian standards. 
 
The salary expectations of university graduates can be traced back to the theoretical underpinnings of Schultz‟s 
(1961) and Becker‟s (1964) investment in human capital theory, Spence‟s (1973) job market signalling theory, and 
Rosen‟s compensating wage differential theory (Rosen 1974; Thaler & Rosen 1975). People invest in university 
education with the ultimate aim of securing a good job and thus a higher salary. Having to compete with other 
graduates, one way to stand out is to achieve good academic performance, in the form of high CGPA scores. 
Recognising the importance of CGPA as a key signal of potential job competence, the Malaysian government has 
since mulled over the reengineering of a better version of CGPA computations (i.e. the i-CGPA), as part of the 












(The Star 2015; Ministry of Education Malaysia 2015). All these point to the important relationship between 
university academic performance (as proxied by CGPA scores) and the salaries of the new graduates‟ first proper 
job. Using a recent unique dataset collected from the 2016 and 2017 graduating batch of university students, this 
paper looks specifically at this relationship. The main objective of this paper is to determine empirically if better 
academic performances in university (i.e. higher CGPA scores) really do translate into higher salaries of the 
graduates‟ first job. 
  
2.   METHODOLOGY AND DATA 
This paper uses a unique dataset of 855 respondents selected from a public university, i.e. Universiti Utara Malaysia 
(UUM), n = 710, and a private university, i.e. Sunway University, n = 145. The target population for this study is 
the 2016/2017 batch of recently minted graduates of public and private universities in Malaysia. The respondents for 
this study were surveyed during the graduation robe collection period a week prior to the graduation ceremony, i.e. 
November 2016 for the UUM graduates, and January 2017 for the Sunway graduates. In collecting their robes, the 
graduates followed designated days and time slots, based on their programmes. The questionnaire used in the survey 
is designed to collect data and information from the following aspects: (i) demographics, (ii) pre-university 
education, (iii) university education, (iv) current employment status, and (v) current job (for those who are employed 
at the time of the survey). The dependent variable of this study is the current monthly salary, and the explanatory 
variable of interest is academic performance, proxied by CGPA scores. The OLS estimation method with different 
model specifications is used to obtain the marginal effects of CGPA on salary.  
 
 
3.   EMPIRICAL RESULT DISCUSSIONS 
 
Table 1: Summary statistics  
   Quantiles  
 N All Q1 Q2 Q3 Q4 p-value 
Dependent variable        
Monthly salary - 1916 922 1551 2194 3327 0.000 
Explanatory variable of interest        
CGPA - 3.38 3.26 3.31 3.44 3.47 0.000 
   First class 162 0.19 0.10 0.09 0.25 0.31 0.000 
   Second class 505 0.60 0.68 0.70 0.54 0.50 0.012 
   Below 3.00 71 0.09 0.12 0.16 0.10 0.06 0.334 
Academic-related variables        
Private university graduates 125 0.15 0.07 0.09 0.12 0.29 0.000 
Joined societies  322 0.39 0.53 0.37 0.36 0.46 0.040 
Offered job before graduating 234 0.29 0.26 0.25 0.35 0.32 0.318 
Internship salary - 583 458 456 657 760 0.000 
MUET - 2.80 2.43 2.55 2.91 3.31 0.000 
   Band 1 21 0.04 0.07 0.07 0 0 0.015 
   Band 2 208 0.35 0.57 0.41 0.25 0.19 0.000 
   Band 3 244 0.41 0.24 0.41 0.61 0.43 0.000 
   Band 4 98 0.17 0.07 0.10 0.11 0.28 0.004 
   Band 5 & 6* 17 0.03 0.04 0 0.02 0.11 0.018 
Demographic variables        
Household size - 6.0 6.3 6.2 5.6 5.3 0.000 
Mother postsecondary edu** 154 0.18 0.15 0.23 0.11 0.22 0.084 
Father postsecondary edu** 178 0.21 0.14 0.25 0.12 0.23 0.037 
Age  - 24.97 25.04 25.01 25.19 25.53 0.479 
Female 574 0.69 0.68 0.83 0.67 0.59 0.010 
Malay 421 0.50 0.79 0.64 0.31 0.22 0.000 
Chinese  358 0.43 0.14 0.30 0.64 0.71 0.000 
Indian  32 0.04 0.03 0.04 0.03 0.04 0.969 
Notes: The four quantiles, Q1 to Q4, are based on the quantiles of the monthly salary variable. Figures are reported as means for continuous 
variables, and proportions for categorical variables. Standard deviations are reported in parenthesis. The number of observations, N, is only 
reported for categorical variables. *There is only one observation for MUET Band 6. **Parents with postsecondary education *(i.e. 














Discussion of findings I: Summary statistics 
The „All‟ column in Table 1 reports the overall means for continuous variables and overall proportions for 
categorical variables. The Q1 to Q4 columns report the means and proportions of the variables by the 4 quantiles of 
the salary distribution. The number of observations, N, is reported only for categorical variables. We notice that the 
overall mean salary (i.e. RM1,916) distorts the actual scenario of the salary distribution, obviously different from the 
quantile means especially if compared with the lowest (RM922) and the highest (RM3,327) salary quantile. The 
seemingly nontrivial difference in the salary means among the quantiles can be confirmed though an F-test, where 
significant a p-value denotes that at least one of the means or proportions is different.  
 
The „p-value‟ column in Table 1 therefore reports the F-test statistical significance results for each of the 
variables. Significant p-values are early indications that the means or proportions might be different among the 4 
quantiles. Take for example, our explanatory variable of interest – CGPA; it appears that those with the highest 
CGPA scores (i.e. 3.47) are associated with the top quantile (i.e. Q4) of the salary distribution. The p-value of less 
than 1% indicates that their CGPA scores are significantly different from those of their counterparts in the lowest 
quantile (i.e. Q1) of the salary distribution. Statistics for the remaining variables are similarly interpreted.  
 
Discussion of findings II: OLS estimations & related issues 
Here, we would discuss the empirical results obtained from OLS estimations.  
 
Table 2: OLS estimation results 
DV: log(salary) Model Specifications 
 M1 M2 M3 M4 
Explanatory variable of interest     
CGPA 0.334*** 0.382*** 0.350** 0.351** 
 (0.0901) (0.112) (0.159) (0.160) 
Academic-related variables     
Private university graduates  0.0448 0.121 0.111 
  (0.150) (0.208) (0.211) 
Joined societies   -0.115* -0.108* -0.111* 
  (0.0644) (0.0599) (0.0610) 
Offered job before graduating  0.0728 0.0925 0.0936 
  (0.0785) (0.0686) (0.0696) 
Internship salary  0.268*** 0.201*** 0.201*** 
  (0.0616) (0.0691) (0.0697) 
MUET  0.0950 0.0500 0.0490 
  (0.0608) (0.0617) (0.0626) 
Demographic variables     
Household size   -0.00378 -0.0350 
   (0.0156) (0.0835) 
Mother postsecondary edu   0.317* 0.315* 
   (0.172) (0.170) 
Father postsecondary edu   -0.214 -0.213 
   (0.209) (0.208) 
Age   0.0169 -0.0472 
   (0.0248) (0.272) 
Female   -0.136* -0.141* 
   (0.0704) (0.0745) 
Malay   -0.196* -0.196* 
   (0.108) (0.110) 
Nonlinearities (squared terms)     
N 363 193 183 183 
Adj. R2 0.037 0.247 0.289 0.281 
AIC 578.3 236.0 223.7 227.5 
BIC 586.1 258.8 265.4 275.7 














The OLS estimates in Table 2 show that the mean relationship between the variable of interest (CGPA) and salary is 
statistically significant throughout the four model specifications. The first model specification, M1, acts as the 
baseline model, with the log of monthly salary being regressed on only the key variable of interest, CGPA. We use 
the log of salary for ease of interpretation. From the M1 specification, a one-unit increase in CGPA (e.g. from 2.0 to 
3.0) is associated with a 33.4% increase in monthly salary. In the following specifications, academic-related 
variables (M2), and demographic variables (M3) are included. These two sets of variables act as control variables in 
this study. Specification M4 accounts for possible nonlinearities, i.e. the squared terms of age and household size. 
The magnitude of the CGPA coefficients in the four specifications is rather similar, ranging from 0.33 to 0.38. Table 
2 shows that the CGPA is always statistically significant regardless of model specifications. The results here show 
that the four model specifications are fairly robust in terms of the magnitude, sign, and statistical significant of the 
CGPA‟s marginal effects on salary.  
 
A typical concern is the issue of endogeneity. There might also be issue of the variable of interest (the xk or the 
CGPA variable here) being endogenous. CGPA scores might be correlated with the error term, i.e. CGPA might be 
correlated with unobserved innate ability which is being subsumed into the error term. Using a two-stage least 
square (2SLS) estimation, we instrument CGPA with a dummy of whether or not the respondents‟ student loans are 
convertible to scholarships. We argue that the loan convertibility status satisfies the first condition of a good 
instrument, cov(z, u) = 0, i.e. loan convertibility status is not related to how much salary a person is earning. This 
first condition is the exclusion restriction because the instrument, z, is excluded from the model of interest (i.e. in 
which salary is regressed on the variable of interest, CGPA).  
 
After the 2SLS estimation, we proceed with endogeneity tests, in which the null hypothesis is that the variable 
of interest is exogenous. Both the Durbin Chi-squared test and the Wu-Hausman F-test return a p-value of more than 
0.10, indicating insufficient statistical proof to reject the hypothesis. A further check from the first-stage regression 
results, as suggested by Wooldridge (2010, p. 92), reveals that there is indeed a statistical significant association 
between CGPA scores and the instrument, with a p-value less than 0.001. This satisfies the cov(z, xk) ≠ 0 condition, 
i.e. the second condition of a good instrument. These two conditions are key identifying assumptions for the 
coefficient of the variable of interest. Since these assumptions are justified, concerns of endogeneity are perhaps 
unwarranted. The coefficient of our variable of interest, CGPA, should therefore be consistently estimated. 
 
 
4.   CONCLUSION 
From the initial findings of this study using a sample of recent graduates from a public and a private Malaysian 
university, it is clear that higher CGPAs really do translate into higher salaries. This can be seen from the marginal 
effect results shown in Table 2. What remains unclear however, is whether higher CGPAs have any significant 
marginal effects on the salaries at the upper quantiles of the salary distribution or at the lower quantiles. This would 
have different implications. Exploring the marginal effects of CGPA on salary distribution and its implications are 
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